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Application of Generalized Beta Distribution of Second Kind for Flood Frequency Analysis
CHEN Lu', HE Diancan', ZHOU Jianzhong', LU Weiwei', GUO Shenglian®

(1. College of Hydropower & Information Engineering, Huazhong University of Science & Technology, Wuhan 430074, China;
2. State Key Laboratory of Water Resources and Hydropower Engineering Science, Wuhan University ,Wuhan 430072, China)

Abstract: T-year flood estimation at a given location in mountainous areas is a crucial task for design of hydraulic and civil in-
frastructure facilities. One of the key steps in flood frequency analysis (FFA) is the selection of a suitable distribution. More than
one distribution is often found to be adequate for FFA, and choosing the best one is often less than objective. In order to over-
come this difficulty, generalized beta distribution of the second kind (GB2 distribution) was introduced in this study. And the prin
ciple of maximum entropy method (POME) was employed to derive this distribution with its parameters to be estimated. The Col-
orado River was selected as a case study. The maximum stream flow data from the sites, Steamboat Springs, Near Colorado-Utah
and Hoover Dam, were considered to test the performances of GB2 distribution. Finally, the fitting results of GB2 distribution at
Hoover Dam were compared with those of common used distributions in hydrology. The results indicate that GB2 distribution is an
appealing option for FFA, since it has four parameters and include some well-known distributions. Compared with the widely used
distribution in hydrology, the performances of Gb2 distribution is comparable.

Key words: entropy theory; principle of maximum entropy (POME); GB2 distribution; flood frequency analysis
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Experimental Study on High Salinity Water Surface Evaporation in Arid Areas
LI Yang'?, JIA Ruiliang'?, ZHOU Jinlong"*, LI Qiao', GAO Yexin®

(1. College of Water Conservancy and Civil Engineering, Xinjiang A gricultural University,Urumqi 830052, China;
2. Xinjiang Hydrology and W ater Resources Engineering Research Center, Urumqi 830052, China;
3. Institute of Hydrogeology and Environmental Geology, Chinese A cademy of Geological Sciences, Shijiazhuang 050061 , China)

Abstract: The general law of the high salinity water surface evaporation was obtained by water surface evaporation experiments of different
salinity Eqy evaporator at the Changji Groundwater Balance Test Station, Xinjiang. By comparatively analyzing the data, we found that under the
same external environment condition, there is a negative correlation between high salinity water surface evaporation and salinity, that is to say, the
higher the salinity, the more weaker water surface evaporation, on the Contrary the more stronger water surface evaporation. This is mainly due to
the attraction effect of salt molecules to water molecules in the salt water. According to the experimental data, functional relationship between the
water evaporation and the salinity was fitted out, and the conversion coefficient of high salinity water surface evaporation was calculated.

Key words: arid area; high salinity water; water surface evaporation; fitting curve; conversion coefficient of high salinity water surface evaporation



