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Fig.1 The comparison between measured and different simulating series
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Table2 The comparison between BMA mean and
single model’ s optimal simulating series

RMSE WBE ENS R?
MWB 1.88 1.00 0.78 0.79
HIMS 1.64 1.01 0.83 0.84
GWLF 1.91 1.04 0.77 0.78
BMA 1.37 0.98 0.88 0.88
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Fig.2 The BMA multi-model weights of different models
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Multi-model Ensemble Runoff Simulation Based
on Bayesian Model Averaging Method and Model Structure Uncertainty Analysis
DU Xinzhong', LI Xuyong', WANG Huiliang'?, LI Wenzan'?

(1.State Key Laboratory of Urban and Regional Ecology, Research Center for Eco-Environmental Sciences, Chinese Academy of
Sciences, Beijing 100085, China; 2. University of Chinese Academy of Sciences, Beijing 100049, China)

Abstract: Hydrologic model is a significant tool to simulate the water cycle, while there is great uncertainty depending on single
model simulation which makes ensemble hydrologic model simulation become inevitable trend. Three lumped hydrological models
were selected to conduct watershed monthly runoff ensemble simulation, and the expectation maximum algorithm was used to esti-
mate the parameters of the BMA in order to obtain BMA mean simulation and 90% uncertainty interval. The result using the ob-
served data of the Wuliehe watershed indicates that the BMA method can not only provide simulation with higher precision through
mean simulation, but also provide quantitative evaluation of the model structure through confidence interval which could offer rich
information of the runoff simulation.
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